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A Similarity Learning Method in Image Retrieval via
Continuous Kendall-Tau Rank Correlation Coefficient

HUANG Wei
( School of Information Engineering Nanchang University Nanchang Jiangxi 330031 China)

Abstract: An image retrieval method with similarity learning via continuous kendallHau rank correlation coefficient
has been introduced. Experimental evaluation based on a database composed of 500 images reveals that the intro—
duced method outperforms several other conventional similarity learning methods in this image retrieval application.
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