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Abstract: Cross-document named entity coreference resolution is the process of determining if an identical name oc—
curring in different texts refers to the same object. With the increasing need for multi-document applications for ex—
ample multi-document summarization and information fusion cross-document name entity coreference resolution has
drawn much attention. The paper focuses on multi-document personal coreference resolution and realizes an agglom—
erative clustering approach for personal coreference resolution in which feature selection and stopping measures of
the clustering to estimate the number of entities are discussed in detail.

Key words: personal coreference resolution; agglomerative clustering; feature selection; cluster-stopping measure



