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The Approximate Empirical Bayesian Estimation of
Kurtosis and Skewness Coefficient

ZHANG Yi' LYU Fenghu®
(1. College of Computer Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China;
2. College of Science Nanchang Institute of Technology Nanchang Jiangxi 330099 China)

Abstract: A Bayesian model of single sample data is established and the Bayesian estimation linear Bayesian esti—
mation and approximate credibility estimation of skewness and kurtosis coefficient are given. Furthermore the model
is extended to multitude data model. In this model the statistical properties of approximate credibility estimation are
discussed the mean square errors of Bayesian estimation linear approximation and approximate credibility estima—
tion are compared. Finally the estimation of supper-parameters are given thus the empirical Bayes estimation of ap—
proximate credibility estimation is derived and it can be directly applied to practice.
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