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A Practical View of Test Fairness to Improve Equity in Education

from Statistical Measurement

WANG Wenyi' CHANG Hua-hua® ™'
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Abstract: If the result of a test is unfair it will affect the fairness of the educational opportunity and social fairness.

Statistical analyses for test fairness in our country has been neglected and even ignored for a long time. The purpose

is to give a review of key aspects concerning differential item/test functioning from the perspective of statistical

measurement. Finally regarding the problem of the fairness of testing in the context of high-stakes test use some de-

tailed and practical suggestions for test fairness are presented for readers” reference.

Key words: the fairness of testing; equity in education; differential item functioning; statistical measurement; the na—

tional college entrance examination



