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The Sequence Analysis Method Based on Random Clustering Model

ZHANG Wei' WANG Yang' LIU Dongning' TENG Shaohua' ZHANG Li’* XU Xinai®
(1. School of Computer Science and Technology Guangdong University of Technology Guangzhou Guangdong 510006 China;
2. Nanchang Normal University Nanchang Jiangxi 330032 China)

Abstract: Large phylogeny estimation is a combinatorial optimization problem that no future computer will ever be a—

ble to solve exactly in practical computing time. Here a tree constructing approach has been reported the random

clustering method involving several pruning of trees that are used to provide the optimal solution and near-optimal

solution with evolutionary significances to reveal the complete evolutionary relationships based on basis of previous

studies. The experiments show the correctness and efficiency of our method and the significances to biocomputing

and phylogenetic analysis.
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