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The Study on Ethnic-to-Chinese Scare-Resource Neural Machine Translation

ZHAO Yang ZHOU Long WANG Qian MA Cong LIU Yuchen WANG Yining

XIANG Lu ZHANG Jiajun ZHOU Yu ZONG Chengqing
( Institute of Automation Chinese Academy of Science Beijing 100190 China)

Abstract: The overview and the technical details adopted by Institute of Automation Chinese Academy of Science
( CASIA) to participate in the 15th China Conference on Machine Translation ( CCMT 2019) evaluation tasks are
described in the paper. In the conference CASIA participates in three translation tasks including Mongolian-Chi—
nese daily language machine translation Tibetan-Chinese government literature machine translation and Uyghur—
Chinese news machine translation. The content of the report describes the model framework datasets pre-processing
methods and decoding strategies. Lastly the report gives the performance of the system on the evaluation dataset un—
der different settings and conducts a comparative analysis.

Key words: neural machine translation; low—resource machine translation; self-attention mechanism



