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The Spatio-Temporal Characteristics of Carbon, Nitrogen and Phosphorus in
Surface Soil of Tideland in Poyang Lake Wetlands

XIE Dongming',YI Qing' ,ZHOU Guohong' ,HUANG Qinghua' ,ZHOU Yangming®,JIA Junsong” ,
QIANian Haiyan®,ZHU Zaiyu'~ , YE Zhanghuang'
(1. School of Tourism, Jiangxi Science and Technology Normal University , Nanchang Jiangxi 330038, China; 2. College of Geography and
Environment , Key Laboratory of Poyang Lake Wetland and Watershed Research, Ministry of Education, Jiangxi Normal University, Nan—
chang Jiangxi 330022, China; 3. School of Earth Sciences, East China University of Technology , Nanchang Jiangxi 330013, China)

Abstract: Carbon , nitrogen and phosphorus are important nutrient elements in soil of wetland tideland , and their dis—
tribution characteristics directly affect the productivity and ecosystem service function of wetland ecosystem. Based
on the observation and analysis of organic carbon, total nitrogen and total phosphorus in surface soil( 0 ~20 cm) of
tideland in Poyang Lake wetlands with sampling from 2014 to 2017, the results show that the interannual variation
characteristics of organic carbon,total nitrogen and total phosphorus in surface soil in tideland of Poyang Lake wet—
lands are different. The change of organic carbon is not significant,but the change of total nitrogen and total phos—
phorus is significant. The changes of organic carbon, total phosphorus and total nitrogen in surface soil are very sig—
nificant when gradient is various. The interannual changes of C/N ratio and C/P ratio in surface soil are very signifi—
cant, but the N/P ratio is not significant. The changes of C/N ratio in surface soil is not significant, but the changes
of C/P ratio and N/P ratio are very significant when gradient is various. The content of nitrogen and phosphorus is
higher than that in other regions, however, the ratio of C/N,C/P and N/P in surface soil are lower than those in oth—
er regions in China with interannual changes various gradient changes. The factors that affected carbon, nitrogen and
phosphorus in surface soil of tideland in Poyang Lake Wetlands are complicated and perennial. The changes of vege—
tation cover,flooding time and water quality of Poyang Lake wetlands have influence on the spatial and temporal dis—
tribution of soil carbon,nitrogen and phosphorus.
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The Study on the Method of Machine Translation Reordering Based on QE

ZHAI Yujin, LI Peiyun, XIANG Qingyu, LI Maoxi" ,QIU Bailian,ZHONG Maosheng, WANG Mingwen
( College of Computer Information Engineering, Jiangxi Normal University, Nanchang Jiangxi 330022, China)

Abstract: A multi-model ensemble quality estimation method is proposed, which integrates the BERT context vec—
tors. Based on quality estimation, a multi-candidate translation reordering method has been proposed. The experi—
mental results show that both methods have achieved good results.

Key words: machine translation; machine translation quality estimation; reordering; encoder-decoder model; convo—
lutional neural network (REHRIE: B/IVEE)



