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The Improved Partial Least Squares Regression Recommendation Algorithm

LIAO Chun-hua, DU Jian-qiang, CHEN Chun-lei, LI Zhi-biao

(School of Computer Science, Jiangxi University of Traditional Chinese Medicine, Nanchang Jiangxi 330004, China)

Abstract: Based on the related PLS algorithms, a new improved recursive exponentially weighted PLS regressions

algorithms was derived for the QSAR research and industrial process control modeling. Simulation experiments

show that in the real-time modeling process, the performance of this algorithm is superior to the traditional PLS

regression algorithm.

Key words: partial least squares(PLS)regression; kernel algorithm; algorithms improvement; recursive exponentially

weighted algorithms
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