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The Accuracy Measure for Rough Sets Based on Rank Statistics

WU Gen=iu LIU Pei-hong LUO Bing-hui XIE Jun
( College of Mathematics and Informatics Jiangxi Normal University Nanchang Jiangxi 330022 China )

Abstract: An accuracy measure for rough sets based on rank statistics has been proposed which not only take into
consideration the information of the size of the knowledge data value of particles but also the size of the universe.
Meanwhile some properties are given. It is more reasonable and effective to measure which are illustrated by exam-
ples.
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The Estimations of Parameter from Jpnaanra Distribution
under Missing Data Samples

LONG Bing
( Department of Mathematics and Physics Jingchu University of Technology Jingmen Hubei 448000 China)

Abstract: Firstly density function of order statistics is given about Jpanra distribution calculate related character—
istic numbers of the order statistics. Secondly in the missing data samples unbiased estimation approximate maxi—
mum likelihood estimation and confidence interval of parameter are given. In the end several estimations of the pa—
rameter are calculated through an instance and its superiority is proved.

Key words: 9pnanra distribution; order statistics; unbiased estimation; approximate maximum likelihood estimation



