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2 ;
2 (s)
/s
0.016 9.362 8. 611 5.585 9.124 5.112 5.0851
0.031 16. 263 16. 022 10. 267 15. 649 10. 380 10.374 0
0. 063 30. 982 29. 188 19.516 29.021 17. 630 17.582 0
0. 141 72.291 69. 638 44. 470 70. 432 44. 895 44.570 0
0. 281 143. 506 138. 664 84. 858 139. 421 84. 845 83.866 0
0.577 346. 143 330. 864 164. 211 335.430 163. 789 162.031 0
2 (9) div 0~1
; 2
; ~ 3
2 3
2 0o 1, X
Split 2
Split
D,(i<500 D, =0 1) D,
2
div  (9)
n-1
div = Z ‘Di-#l _Di /n' (9)
=
3
/s
0.016 0 0.01 1.00 0.01 0.75 0.74
0. 031 0 0 1.00 0 0.78 0.79
0. 063 0 0.03 1.00 0.02 0. 80 0. 80
0. 141 0 0.04 1. 00 0.03 0. 80 0. 81
0. 281 0 0.04 1. 00 0.03 0. 81 0. 81
0.577 0 0.04 1.00 0.03 0. 81 0. 81
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An Algorithm for Map/Reduce Dynamic Loading
Balancing Policy Based on Processing Time

CHEN Jun'®> LU Han+yu'® YAO Dan-dan'
(1. Key Laboratory of Earth Exploration & Information Techniques of Ministry of Education Chengdu University of Technology
Chengdu Sichuan 610059 China; 2. Institute of Resources and Environment Chengdu University of Information Technology Chengdu
Sichuan 610225 China; 3. Department of Computer and Information Engineering Guizhou University Guiyang Guizhou 550003 China)

Abstract: An algorithm of dynamic loading balancing policy for Map/Reduce based on processing time has been
proposed. In this algorithm each computing node is assinged the process total time indicators. The processing time of
each node is updated after it returns the result of subtask which is the key index for selecting the best node. Experi—
ments show that due to the reduction of communication frequency between the node and the cloud server the algo—
rithm can take full advantage of the processing power of computing nodes and improve the Map / Reduce scheduling
efficiency.

Key words: cloud computing; Map/Reduce; load balancing scheduling



