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A Movies Ranking Model Based on Collective Intelligence

HE Wen-yi LIN Hongdei” YANG Liang
( Information Retrieval Laboratory Dalian University of Technology Dalian Liaoning 116024 China)

Abstract: A ranking model based on the collective intelligence and which exploited the Ant Colony Algorithm to
make the rank on the information of micro-group in the Sina Weibo has been proposed. At the same time by combi-
ning with the extent of user’ s preference and the hot extent of movies a comprehensive ranking is given. Besides
the emotion factor of micro-blogging is considered to analysis the users’ emotion tendency and the value of the emo-
tion is computed. The final ranking is based on the accumulative value of emotion about the hot movies in the
group. The experiment shows that this model can meet the users’ preference better than other method. And it has
some degree of real-time properties to provide users with relevant information of movies effectively.
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