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The Distribution of the Accumulated Rewards in PH and Its Application

ZHANG Chao-quan' QIN Yong-song® TANG Sheng-da”"
(1. Faculty of Sciece Guilin University of Aerospace Technology Guilin Guangxi 541004 China;
2. College of Mathematics Guangxi Normal University Guilin Guangxi 541004 China)

Abstract: The rewards processes of the discrete PH distribution are anlysised by constructing a new Markov chain
associated with the time until absorption in a finite discrete time Markov chain. It is shown that the distribution of
total accumulate reward obtained until absorption with constant and random reward rate in each state are respective—
ly PH distribution. At last the expression is given and two numerical examples are discussed.
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