37 4 ( )

Vol. 37 No. 4
2013 7 Journal of Jiangxi Normal University( Natural Science) Jul. 2013
: 1000-5862(2013) 04-0371-05
i DR AN S
( 510006)
- TP 391 CA
23
4
1
1.1
1° ( item)
A a, a, a, a(l<i<k)
2 (item Set) : ( item)
I={a a a} a;
3 (1<i<k) (el-
ement) .
3 ( sequence) : (item Set)
1 S=d 1 ]m> L(i =
12 m) 1
1
120124146
(110411) ( 10451009001004804) (2012B091
000173)

(1962



372 ( )
[ = 2 [,,. k k—
i=1
1
4 ( sequence data Set) : Freespan T2
D Sy S Sia PrefixSpan
L.
5 (sup) : § PrefixSpan
D D S
sup( ) ; D S )
sup( S) /L.
2.1
6 ( sequence pattern) :
S min_sup
sup( S) =min_sup S
D
min_sup. S X
1.2
2
Apriori Apriori
AprioriALL 6
BB
i
i IR =R VYN ez
2 H i SR Py
]
x v
& —
=4 FIE &
i
%‘
B% AEFEARE E
e Fer St ey
% i i A GER
% /:IEI:- A
&
B
7 R Fi
ﬁ HiE G =
o B
)
v
3
FA HtRE
i R
%‘




4 : 373

2. 2 ~ ~
4 2.
< FI B AR > < oM B AR >
<E%‘l)'1ﬂ§ﬁl HUERAE — BUETULHE —> Bt IRaL ARSI > AERH T (EHEE S
2
2.3
1
1
sReportID ( ) discrete
sDeviceReportID discrete
sReportPerson ( ) discrete
dtReportTime date
fTotal Cost continuous
sAccessoryName discrete
2.4

fTotal Cost( 1)
fTotalCost  ( 1)

N 300
2 fTotalCost
<300 300 600 ) =3 000
a b i
2.5

(i) S
( i) for eachA, e sAccessory Name PrefixSpan.
(iii) for each s e S (a)
(1v) S A, : SD:

// (b)
(v) sAccessory Name SD ;

5. (¢) . call procedure PrefixSpan(0 & SD) .



374 ( ) 2013

Procedure PrefixSpan( L s SDI)) ( iii) 0.6
/* s L s 0.7
SDI: s (%) SDI, s (iv) 0.2
SD 1, =8D.* [
(1) SD 1, ; (v)
(i) if( oot s
)
(iii) return;
( iv) for each (i) (8); 3
(v) (1) s }
: Sup =0.5 Sup =0. 4
(vi) toos s%; ( ) (aa d
(vil) s SDI .7 ( { N {a b a)
(vii)) for each SD17; ( ) {a b d)
(ix) call procedure PrefixSpan( L +1 s~ SDI,") . { . } ) {a d)
{ LS (b a)
3 { } ) b b
( ) (b )
( { b b d)
1263 5016 ( ) {d b b)
: 2 ( ) (e e)
fTotal Cost ( { . 1)
sAccessory Name . Intel Core ( )
Due 1.83 GHz.2.5 GB Microsoft Visual Studio 3
2008. 3
4t
e
,§32_ b a) {a b a)
E up
9 16k
gl
0 02 03 04 03 0.6 0.7 ‘1
STRFEE %
3
3
(1)
5
(i)
1 Han J W Kamber M Pei J. M .

3. . : 2012.



375

mining sequential patterns efficiently by prefixprojected

J. : 2007 37(1):121- pattern growth EB/OL . 20120921 . http: // pdf. a-
125. miner. org/000/300/860/prefixspan_ mining _sequential _
patterns_by_prefix_projected_growth. pdf.
J. 2010 30( 3) : 699-701. 9 Pei Jian Han Jianwu. Mining sequential patterns by pat—
Ren J] M JSR Jang. Discovering time-constrained sequen— tern-growth: the prefixSpan approach J . IEEE Transac—
tial patterns for music genre classification J . Audio tions on knowledge and data engineering 2004 16( 11):
Speech and Language Processing 2012 20 ( 4): 1134- 14244440.
1144. 10 Lin Cindy Xide Ji Ming Danilevsky M et al. Efficient
mining of correlated sequential patterns based on null hy—
I 2012 29(2) :478- pothesis EB/OL . 20120921 . http: // dl. acm. org/
481. citation. cfm? id =2389656. 2389660.
Agrawal R Sriaknt R Mining sequential patterns EB/ 11 PCA
OL . 20120947 . http: // rakesh. agrawal-family. com/ J . : 2012
papers/icde 95seq. pdf. 36( 3) : 280283.
12

J. 2007 23(5) :1647.
Pei Jian Han Jianwei Behzad M A et al. PrefixSpan:

J.
2013 37(1) :56-59.

Sequential Pattern Mining Applying in Analyzing Police Vehicle Maintenance Data

TENG Shao-hua HONG Jia-ming ZHANG Wei
( College of Computer Guangdong University of Technology Guangzhou Guangdong 510006 China)

Abstract: The sequential pattern mining method has been used to analyze the police vehicle maintenance data. The
multi-dimension analysis of vehicle maintenance data has been used to extract decision support information. The ex—
perimental results show that our method is feasible and effective.
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