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A Research on Famous-User Network of Sina-Weibo

LI Yong—<cheng HUANG Shu-guang YANG Bin GUO Hao

( Department of Network Electronic Engineering Institute Hefei Anhui 230037 China)

Abstract: Aiming towards the user relation network oriented from the Famous-User of Sina-Weibo many facets in-
cluding the degree distribution small-world phenomenon and degree correlation utilizing the complex network analy—
sis algorithms has been studied. With experimental results showing for this network the existence of deviations from
power-aws at the degree distribution level the effective diameter being short the nodes” degrees being irrelevant
with the non-hierarchical intrinsic nature proved.

Key words: network structure analysis; famous-user network; degree correlation



