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Application Study on Curvelet Transform in Face Recognition

ZHAO Qing-min OUYANG Huan GU Dao-ping

( School of Information Engineering Nanchang University Nanchang Jiangxi 330031 China)

Abstract: As wavelet can only reflect the zero-dimensional singularities of signal and cannot provide an optimally
sparse representation of facial contour and five sense organs’ curve information of face image a face recognition al—
gorithm based on second-generation curvelet transform is proposed. The proposed method firstly transforms face im-
age with second—generation curvelet to get low frequency coefficients with facial basic information and then reduce
dimensions with the two-directional two-dimensional principal component analysis( (2D) *PCA) at last the test face
is recognized by using the nearest distance algorithm. Experimental results on ORL and Yale face database show that
the proposed method has higher recognition rate and less recognition time than the method based on wavelet.

Key words: wavelet; face recognition; second-generation curvele; two—directional two-dimensional principal compo—

nent analysis( (2D) *PCA)



