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The Research of Multi-Classification Based on SVM and Huffman Tree

TENG Shao-hua HU Jun ZHANG Wei LIU Dong-ning
( School of Computer Science and Technology Guangdong University of Technology Guangzhou Guangdong 510006)

Abstract: A new multi—classification method which conducts a multi-elassification model based on Huffman tree and

SVM is proposed. It divides a multi-classification problem into multiple binary classification problems and gives

classification priority depending on the dissimilarity. At last an experiment with Lecast open source data sets verifies

the effectiveness. The experimental results show that the new method has a superior effect than the traditional multi—

classification method in classification speed and classification accuracy.

Key words: decision tree; support vector machine; dissimilarity; Huffman tree



