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1
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1 4
L =30 Tatsuoka Hsu 2 1 2 3
L 0.999 7 0.872 6 0.989 0 0.999 5 0.999 0 0.990 8
C 0.999 5 0.8716 0.987 9 0.999 0 0.998 8 0.989 7
D 0.997 7 0.856 5 0.989 6 0.997 0 0.997 1 0.987 1
U 0.987 1 0.843 1 0.987 3 0.989 6 0.992 0 0.987 6
2 4 s
L =30 Tatsuoka Hsu 2 1 2 3
L 0.002 3 0.000 45 0.001 8 0.001 3 0.001 1 0.001 0
C 0.002 5 0.000 55 0.001 9 0.001 6 0.001 3 0.001 2
D 0.006 0 0.001 80 0.004 9 0.004 4 0.004 0 0.003 8
U 0.029 1 0.011 10 0.0252 0.024 5 0.023 5 0.022 4
3 4
L =30 Tatsuoka Hsu 2 1 2 3
L 30 5.502 1 19.085 3 13.963 9 13.412 4 12.092 8
C 30 5.999 5 18.327 9 15.165 6 14.624 5 13.410 8
D 30 8.520 1 22.438 5 20.231 3 19.604 7 17.977 9
U 30 11.244 7 25.521 4 24.727 5 24.168 7 22.654 1
4 4
L =30 Tatsuoka Hsu 2 1 2 3
L 30 20 30 30 30 30
C 30 29 30 30 30 30
D 30 30 30 30 30 30
U 30 30 30 30 30 30
5 4
L =30 Tatsuoka Hsu 2 1 2 3
L 30 3 4 5 5 2
C 30 3 5 5 5 2
D 30 4 5 7 7 2
U 30 6 7 9 8 8
6 X
L =30 Tatsuoka Hsu 2 1 2 3
Xz 22.609 7 11.553 7 19.570 8 21.252°5 20. 882 1 19. 458 2
Rt 0.0117 0.003 0 0.008 5 0.007 1 0.006 8 0.006 2
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Research on Variable-d.ength Termination Rules for Computerized
Adaptive Testing with Cognitive Diagnosis

Al Guo+in GAN Deng-wen  DING Shudiang XIONG Jian-hua
( College of Computer Information and Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: At present most computerized adaptive testing with cognitive diagnosis adopt fixeddength termination
rule. Three kinds of variabledength termination rules have been presented. Compared with the present methods the
new methods have the following advantages according to simulated experiments: i) guarantee the test accuracy prop—
erly; ii) lower the per capita testing items; iii) decrease per capita testing time; iv) enhance the balance of extrac—
ting items and security of item pool.
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