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The Improved Grey-Markov Model and Its Application in
Forecasting the Agricultural Disaster Area of Jiangxi Province

LIU Hui' GONG Hailin®
(1. School of Software Jiangxi Normal University Nanchang Jiangxi 330022 China;
2. College of Mathematics and Informatics Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: Considering that the traditional GM( 1 1) model has lower prediction accuracy when the raw data se—
quence fluctuate severely two improved grey model were proposed and then integrated with Markov predication
model respectively. Two improved Grey-Markov models were established and applied to predict the agricultural dis—
aster area in Jiangxi. The results show that the fitting precision of both improved grey model and Grey-Markov model
are enhanced obviously and it can be concluded that the methods of improved Grey-Markov model are effective.

Key words: Grey model; Markov; prediction; disaster area



