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Abstract: A linear model for longitudinal data with continuous responses and error-prone covariates via quadratic in—

ference functions methods is considered. Asymptotic normality of the parameter estimators is established by quadratic

inference functions. In order to testing interested parameter the statistic that proposed asymptotically follows a chi—

squared distribution. The finite-sample properties of the procedures are studied through Monte Carlo simulations. At

last an application to a longitudinal study is used to illustrate the procedure developed here.
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