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Research on the Modified Shifted Rayleigh Mixture Filter and
Its Use on Bearings —Only Maneuvering Target Tracking

YU Hua ZHOU Qin LIU Lan
( College of Electrical Information Engineering Wuhan Donghu University Wuhan Hubei 430212 China)

Abstract: The modified shifted Rayleigh mixture filter is introduced for bearings-only maneuvering targets tracking
which use Gaussian mixture reduction method based on costfunction to improve the shifted Rayleigh mixture filter.
The MSRMF is based on jump Markov linear system and it permits the presence of strong noise. Simulations demon—
strate the effectiveness of the MSRMF in challenging scenario with strong noise. It achieves the accuracy of a PF
while reducing the computational burden by an order of magnitude. Furthermore it improves the SRMF as regards
accuracy through its computational demands is just about the same as the SRMF’ s.

Key words: bearings-only tracking; the modified shifted Rayleigh mixture filter; particle filter; shifted Rayleigh

mixture filter



