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' ' Monte Carlo 100
N N N 4
2
N 7
X 7 1~
1.7
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1 4
L =30 Tatsuoka Hsu 2 1 2 3 DRVLI DRVI2 DRVL3
L 0.999 6 0.868 3 0.989 2 0.999 2 0.998 9 0.989 9 0.999 1 0.999 3 0.999 3
C 0.999 3 0.867 8 0.987 7 0.999 0 0.998 8 0.990 2 0.999 2 0.999 1 0.999 0
D 0.997 3 0.858 5 0.989 5 0.997 1 0.997 3 0.986 1 0.996 9 0.997 2 0.996 8
U 0.9917 0.843 8 0.9853 0.990 1 0.990 6 0.990 3 0.9911 0.991 2 0.990 4
2 4 .S
L =30 Tatsuoka Hsu 2 1 2 3 DRVLI DRVI2 DRVL3
L 0.002 4 0.000 5 0.002 0 0.001 4 0.001 1 0.001 1 0.001 5 0.001 3 0.001 3
C 0.002 6 0.000 6 0.002 1 0.001 6 0.001 3 0.001 3 0.001 7 0.001 5 0.001 5
D 0.006 1 0.001 8 0.005 1 0.004 5 0.004 1 0.003 8 0.004 7 0.004 2 0.004 2
U 0.029 6 0.0113 0.025 8 0.0250 0.024 1 0.022 7 0.025 2 0.024 3 0.023 8
3 4
L =30 Tatsuoka Hsu 2 1 2 3 DRVLI DRVI2 DRVL3
L 30 5.594 19.913 14.281 13.771 12.386 14.724 14.556 14. 452
C 30 6.030 18.304 15.324 14.727 13.483 15.717 15.459 15.343
D 30 8.556 22.483 20.328 19.690 18.039 20.575 20. 141 19. 693
U 30 11.427 25.649 24.829 24.276 22.871 24.958 24.537 23.928
4 4
L =30 Tatsuoka Hsu 2 1 2 3 DRVLI DRVI2 DRVL3
L 30 3 4 5 5 2 6 6 6
C 30 3 5 5 5 2 6 6 6
D 30 4 5 7 6 2 7 7 7
U 30 6 6 8 8 7 9 9 9
5 )(2
L =30 Tatsuoka Hsu 2 1 2 3 DRVLI DRVI2 DRVL3
X2 22.1215 11.3965 19.2637 20.7388 20.4076 19.0444 20.6573 20.2806 19.6557
Rt 0.0116 0.003 0 0.008 5 0.007 0 0.006 8 0.006 2 0.006 8 0.006 6 0.006 5
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The Dual Restrictions Variable-dLength Termination Rule in Cognitive
Diagnosis Computerized Adaptive Testing

Al Guojin GAN Dengwen” DING Shuliang

( College of Computer Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: Three new variabledength termination rules in cognitive diagnosis computerized adaptive testing is pro—
posed. Results of the new methods with pre-existing methods were compared under seven evaluation indexes using
the deterministic inputs noisy “and” gate ( DINA) model four kinds of attribute hierarchies and the expected dis—
crimination method ( ED) . Date showed that the new three variable-ength termination rules have their own advanta—
ges.
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