39 5 ( )

Vol. 39 No.5
2015 9 Journal of Jiangxi Normal University( Natural Science) Sep. 2015
: 1000-5862(2015) 05-0463-06
( 330022)
H, DLDHP DHP c,
H, H,
H, - L, . - DLDHP
: : DHP : DLDHP : Hash ;
2 TP 311 CA DOI: 10. 16357 /j. cnki. issn1000-5862. 2015. 05. 05
1
9
. Apriori C,
2 Hash
MFIs * DHP DHP
* Apriori DLDHP
H,
DHP ’ H, k— L,
Hash DHP
. ¢ 2
Apriori 2 1
" " 2_ I = {ll i2 lm} D =
7 {06 1) L (1 <
hash_tree j <n) 1 X I
XCy t; X

A=Y X C
s IYCI XnY=a. X=Y D

Apriori X Y

sup(X=Y) = P(X U Y);
X=Y X Y
X
120150620

( GI714244)
(19659



464 ( ) 2015

Conf{X=Y) = P(XUY)/P(X). h L,
2 : h
1) H,
SUD i S I )
2) —
SUP i conf, ;.- 0 |
2 DHP ]
DHP |
. DHP Apriori 2 —
2- 1 H,
DHP (1) X  Hash h: h
h L,
L, (ii);
(i) S, X
(i) (iii) ;
(1) L, X
; L, X
DHP :
Hash (iv) L,
S
3 DLDHP (v)
So U S, U
2
Hash 3- {ABC} .{CDF} {BEH}
{ABC} 022 O 0
2- C, c: H, 0 So Ly
n 1- L, {ABC} 1 L, . 2
H, 2 S, L,
{CDF} 1 L, . 2
Hash Hash 2 S, { BEH} L,
L, { BEH} 1
. 0 0 S,
S {ABC} L, {ABC}
2
S {ABC} S, {ABC}
Hash
S D 0 0



5 ; DHP 465
L L '
! : k— uUs, k- L,
D1 DZ' h=0
2— D2 t 3) Dk—l k
2- Hash k- '
D, : (k-1)- h
H(x y) =((n-3)* order(x) + Dy Dy
order( y) ) mod( prime( ﬁ) ) (1) () /
n L, prime( t) t )
Sfunction( D sup,)
1 < order(x) < order(y) < n. )
Hash L, = find(D sup,,) // 1-
as for(k = 2,L, = Ok ++)
Hash
C, = apriori_gen( L, ,) // k-
. 2
prime( +/C)) D, = reduce( D //
order( x) order( x) a L, = DL Hash D S) // k-
order(x) 1 n-1 n-1 a + //
2a+n  2a+32a+n - (n=-2)a+(n-1) until L, = & //
(n-2)a+n (n-1Na+n(n-1)a+n end
result = U L, Y
i) //
2a +3=a+n Sfunctionreduce( D, _,)
3a+422a+n$a2n_3(n24) fork =2
fort e D,_,
a=1n=1. if||<k
order( x) n-3 delete t // k
Hash end
k— (k=3) D, t C, = subset(t) // l k—
k— Hash (l) lf( czki e Ctk N Ctkl ¢ CL)
. Y delete ¢, // ¢ k-
H(x Y) = ((n-23)* order(x) + s
order('Y) ) mod( prime( /C2)) (2) end
1 < order(x) < order(Y) < n. end.
3-  {ABC} Hash A\B.C  functionDL_Hash(D, S) // Hash
1.2.3 /
H(A BC) = n = length(L,) // 1-
((n=3)*1+(2+3)) mod(prime( ,/C})). ~ forteD,
. h = H( Ctki) // l k—
1- C, supy, G if = null // h
1- L, L, create(h S, L,) // N
Hash . save( ¢, L, count) ) // k-
2) Apriori k- else
CA Dkq Dk if Cu; € Sh // k- ke~
D, k— continue
fie Hash else
Dk Sh h if Clki & Lh



466 ( ) 2015
add( L,_node) )/ L, a4011110) 1 6
save( ¢, L, count) 0 {AG} {AD} ({DF}
else 2- C, ={{AB}
count_c, ++// k- {AF} {BD} {BF} {BG} {DG} {FG}}
end D, .
end DLDHP Hash
end H(x y) = (2% order(x) + order(y)) mod 3.
if count_c,. = = N* sup,,, Va 3 2- H,
// 2 . D, H,
save(c, S,) // k- S 2- L, =S US US, =
delete( L _node) // {{AF} {BG} {FG} {AB} {BD} {BF}
end
end 2 0 So
L, =Us,// k- ’
h=0 2S5 L S L 2
H,
4
D, D,
D 1 D D =D D, 3 H, S, S,
4 D 1- S, 3-
= {{4} {B} {D} {F} {G}} AB.D.F.G ]
1223243 b b, 2 L= {{A} {B} {D} {F} {G} {AF} {BCG}
2 ¢ E C E  {FG} {AB} {BD} {BF}}.
2ty s
D, 3 5
Apriori 2-
C, = {{AB} {AD} {AF} {AF} (4G} Windows 7
(BD} (BF} (BG} (DF} (DG} {FG}} 4
DHP Hash DHP  DLDHP :
H(x y) = (10* order(x) + order(y)) mod7 1) DD 1 000
3 2- 06 0.2 DHP  DLDHP
(73410443) D -
4 4 0 1 )
1 D 2 D, 3 D,
t,  ACEFG t, AFG o {AF} {AG} {FC}
,  CFG n,  FG Lo {FG}
t,  EG t,  ABDFG N {AB} {AD} {AF} {AG} {BD}
i, ABDFG L BoRC (BF} {BG} {DF} {DG} {FG}
5 CG ¢ .
: BDEC &, BDG ts  {AB} {BF} {BG} {DF} {DC} {FG}
o ;
L BDG i\ BD 27 {gg} {BG} {DG}
ls  BD t, FG s+ {BD}
ty FG t B ty  {FG}
tm AB t]() ABF th {AB}
t, ABF " tw  {AB} {AF} {BF}
o ABFG e ABFG e {AB} {AF} {AG} {BF} {BG} {FG}




5 ) DHP

467

25,
—e DLDAPE B
20}
[}
El&
=
=
10}
5_
% 12 14 16 18 20 22 24 26 28 30
WEA%
2
2 D
2 2—
15 2
DLDHP DHP
DLDHP
DHP
2) D 1 000
20 DHP DLDHP
2_

2.6 —
0.1 0.15 0.2 0.25 0.3 0.35 0.4 0.45 0.5

BRANIHEFE
3
3 DHP
3
2 2-
0.2
DLDHP DHP
2 DLDHP
DHP DLDHP

DHP

1

10

11

12

; DLDHP

DLDHP DHP

DLDHP

Agrawal R Imielinski T Swami A. Mining association
rules between sets of items in large database EB/OL .
20144046 . http: // dx. doi. org/10. 1145/170035.
170072.
Agrawal R Imielinski T Swami A. Database mining: a
performance perspective J . Knowledge anddata engi-
neering IEEE Transactions 1993 5( 6) : 914-925.
Gouda K Zaki M J. Efficiently mining maximal frequent
EB/OL . 20144046 http: // en. cnki.
com. cn/Article_en/CJFDTOTAL-WXYJ200508006. htm.
Park ] S Chen M'S Yu P S. An effective hash based al-
gorithm for mining association rules EB/OL . 201440-
22 . http: //dl. acm. org/citation. cfm? id =223813.

itemsets

Hash
J . 2007 17(6) : 12-44.
J . 2005 26( 8) :21782179.
. hash_tree
J . 2003 24(5) :4143.
J . : 2007
35(2) :47-49.
J. 2003 29(22) : 117418.
J .
2008 30(9) : 66-68.
J .
2013 12(7) : 69-71.
J .

2006 27( 18) : 3450-3453.



468 ( ) 2015

The Algorithm of Dynamic Chain Address
for Mining Association Rules Based on DHP

WU Heng WU Genxiu~ MAO Linchuan HUANG Mei

( School of Mathematics and Information Science Jiangxi Normal University Nanchang Jiangxi 330027 China)

Abstract: DLDHP algorithm solves DHP algorithm” s problem that can’ t separate count for each candidate itemsets
by using dynamic chain address to create Hash table. Increasing the table space and also deleting the nodes make
Hash table won’t occupy large space. Finally frequent itemsets directly by the Hash table without scanning the da-
tabase once again has been got. Examples show that DLDHP algorithm is effective and feasible.

Key words: DHP algorithm; DLDHP algorithm; Hash table; dynamic chain address
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The Metrics Method of Object-Oriented Class Complexity

QIN Huaibin GUO Li
( College of Information Science and Technology Shihezi University Shihezi Xinjiang 832003 China)

Abstract: The metrics methods of within class from attribute method between attributes between methods between
methods and attributes the metrics methods of class structure from node strength clustering coefficient average path
length finally with the specific system class diagram as an example to measure empirically complexity class structure
have been given. The result shows that the metrics method can measure better object-oriented class complexity.

Key words: object-oriented; class; complexity; metrics



