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Personalized Agricultural Products Mobile Information
Service System Based on Decision Tree Classification

CHEN Yahui YE Jihua'
( College of Computer Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: Aimed at mobile information services of agricultural products combined with personalized recommenda—
tion algorithm and classification algorithm provided a the recommend algorithm based on classification. use of deci—
sion tree classification method for classifying agricultural products obtaining classified data use of collaborative fil—
tering algorithms analyze categorical data and look for similar user interest recommend produce information to the
user. Experimental results show that the traditional method and compared recommendation the system recommended
a higher degree of interest in agricultural information to mobile users.

Key words: decision tree algorithm; personalized recommendation; collaborative filtering algorithm; products-mo—

bile information service



