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The Approximation Method of Belief Function Based
on Decomposing Large Focal Elements

HUANG Mei WU Genxiu® LIU Qiuyun WU Heng MAO Linchuan
( College of Mathematics and Informatics Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: An improved method of belief function based on decomposing large focal elements is proposed for the the—
ory of evidence. First by decomposing the focal elements with big cardinality the cardinality of focal elements are
controlled within no more than k. Then focal elements based on the improved energy function are reduced. So the
improved method not only reduces the number of focal elements but also controls the cardinality of focal elements
and optimizes the computational complexity and the example analysis shows that the method takes on better effec—
tiveness.
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