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Abstract: Under the background of a topdevel design of Internet plus 11 ecritical areas after introducing traditional

evaluation models such as pencil and paper test and the test mode based on test center from the point of view of

learning the framework and design ideas about “Internet plus” measurement and evaluation were first proposed.

Firstly the concept of “Internet plus” was introduced briefly. Secondly the latest measurement theory methods and

techniques were elaborated. Then how to incorporate cloud computing big data mobile Internet and Internet of

things into measurement and evaluation were discussed. The new evaluation mode could be used to extend applica—

tions of large—scale testing provide personalized learning services improve the quality of teaching which contributes

to the comprehensive development of education.

Key words ‘Internet plus” ; measurement and evaluation; adaptive testing; adaptive learning; assessment of educa—

tion quality



