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Based on Forest Fire Smoke Moving Object Detection Video Stream

BAI Shuhua KUANG Mingxing
( Nanchang Institute of Technology Nanchang Jiangxi 330044 China)

Abstract: Moving object detection is the precondition for video image classification and recognition. Smoke is a dis—
tinctive feature of the early forest fire forest fire smoke through the characteristics of the image analysis several
common moving target detection methods analyzes the implementation process comparing their advantages and dis—
advantages and to seek the best forest fire smoke video moving target detection methods. The experiments also
showed that the improved method with color background estimation criterion method not only has a better ability to
capture smoke and anti§qamming capability which greatly reduces the subsequent image recognition pressure.
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Learning Behavior Feature Mining and Grouping Method
for Virtual Learning Community

CHENG Yan'® XIE Jianhua' TAN Pingfei' YANG Zhiming'
(1. College of Computer and Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China;
2. Computer Science and Technology Post Doctoral Mobile Station Tongji University Shanghai 201804 China)

Abstract: Virtual learning community as a new mode of network education has attracted more and more attention.
How to provide a good teaching service for different learners is an important issue in the virtual learning community
and the extraction and analysis of the characteristics of the learners are the basis of the individualized teaching. It
starts from the learner’s learning process and learning characteristics using the fuzzy c-means clustering algorithm
( FCM) mining and analyzing the learning features of students in the learning process in the background of the vir—
tual learning community. Students are accurate grouped according to the learner’s knowledge level autonomous
learning and cooperative learning initiative and other learning characteristics in order to achieve the goal of person—
alized teaching to improve the learning efficiency of the learners.

Key words: virtual learning community; fuzzy c-means clustering algorithm; learning characteristics; personalized

teaching



