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2.1 GRM 200
0.15
1
2
MEM
2.1.1 2 GRM
1 2 5%
1 2 2.1.2 GRM 3
ABS(b,) ABS( b))
100 100 0.2051 0.2129  0.209 0 )
100 200  0.1433 0.1462  0.144 8
100 300 0.1220 0.1208  0.121 4 ( 100
2 2 (5%) 200 f=4
ABS(b,) ABS(b,) f=3
100 100 0.2108 0.2073  0.209 1 0.15 ; 300 J=3
100 200  0.1442 0.1407  0.1425 f=4
100 300 0.1202 0.1194  0.1198
1 2 ABS
3
100 200 300 400 500 600
ABS(b,) 0.2073 0.1523 0.1213  0.1057 - -
s ABS(b,) 0.2078 0.1450 0.1136  0.099 4 - -
- ABS(b) 0.2082 0.1495 0.1203  0.1042 - -
0.2078 0.1489  0.1184  0.103 1 - -
ABS(b,) - 0.1499 0.1243 0.1074  0.095 6 -
ABS( b,) - 0.1396 0.1136 0.0978  0.087 6 -
f=4 ABS(by) - 0.1382  0.1128 0.0994  0.089 9 -
ABS(b,,) - 0.1517 0.1216 0.1087  0.096 0 -
- 0.1449 0.1181 0.1033  0.092 3 -
ABS(b,) - - 0.1289  0.1122  0.0987  0.089 6
ABS(b,) - - 0.1165 0.1020 0.0896 0.082 8
s ABS(by) - - 0.1142 0.1002 0.0887  0.080 6
- ABS(b,,) - - 0.1179 0.1031 0.0893  0.083 4
ABS( by) - - 0.1293 0.1106 0.1013  0.091 1
- - 0.1214 0.1056 0.0935 0.0855
2.2 GRM 4
400 ABS 0.2
2.3 0.2 4.5
0.2
( )

MEM
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200 300 400 500 600 700
0.239 1 0.217 3 0.194 7 0.190 8 0.192 4 -
0.3127 0.2557 0.220 4 0.205 7 0.192 4 -
0.3258 0.268 2 0.2318 0.201 9 204 6 -
0.319 3 0.262 0 0.226 1 0.203 8 202 0 -
0.245 5 0.202 9 0.189 3 0.1956 0.183 0 -
0.320 8 0.262 7 0.214 2 0.193 9 0.177 5 -
0.3112 0.219 5 0.190 8 0.167 2 1525 -
0.3335 0.250 3 0.228 2 0.207 8 192 8 -
0.321 8 0.244 2 0.2111 0.189 6 174 3 -

- 0.1858 0.174 3 0.174 0 0.171 6 0.166 4

- 0.228 8 0.200 0 0.187 5 0.178 0 0.169 8

- 0.188 3 0.163 2 0.149 4 0.141 1 0.133 3

- 0.196 6 0.160 5 0.153 4 0.143 6 0.133 6

- 0.248 2 0.202 6 0.202 0 0.190 0 0.178 2

- 0.2155 0.181 6 0.173 1 0.163 2 0.1537

- 0.188 1 0.180 2 0.175 1 0.168 1 0.170 1

- 0.236 1 0.205 4 0.194 3 0.178 5 0.172 3

- 0.176 8 0.157 3 0.147 6 0.1333 0.128 5

- 0.174 8 0.150 8 0.138 6 0.125 3 0.119 5

- 0.1937 0.167 4 0.1559 0.138 7 0.134 8

- 0.241 7 0.217 9 0.209 7 0.1857 0.1819

- 0.204 6 0.179 8 0.169 0 0.152 3 0.147 4
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The Online Calibration Based on Graded Response Model

XIONG Jianhua LUO Hui WANG Xiaoqing DING Shuliang
( College of Computer Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: [tem bank of computerized adaptive test is faced with high construction cost and updated expanded tech—
nology more complex. Not only can the application of the online calibration technology reduce cost but also put the
calibrated parameter values of the new items and the old in the same scale. Online calibration of new items under di—
chotomously scored models has achieved good results but under polytomously scored items is reported rarely. To ex—
plore the performance of online calibration for polytomously scored items a method to calculate the initial values of
the multiple EM cycle method ( MEM) is proposed based on graded response model( GRM) which is focus on the
extended squeezing average method and the multiplesequence correlation coefficient method to calculate as the ini—
tial parameters of the new item then use the multiple EM cycle method to estimate parameters. Results of Monte
Carlo simulation show that the parameter estimation of new items can get acceptable estimation accuracy and the pa—
rameters of new items are more accurate with a small increase of the sample size for calibration.

Key words: online calibration; squeezing average method; the multiple EM cycle method; multiplesequence correla—

tion coefficient method



