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Abstract:The item bank is a very critical part of the cognitive diagnostic computerized adaptive testing( CD-CAT).

In regular CD-CAT an item bank uses the same cognitive diagnostic model to calibrate the item parameters howev—
er all the items in item bank can’t be fully fitted with the same CDM. In the study the advantage of the method pro—
posed by de la Torre to select an appropriate CDM for each item of item bank within a G-DINA framework has been
taken for convenience this method is referred to as a Mixed CDMs and use a complex simulation study to compare
the performance of Mixed CDMs and five special models( G-DINA DINA DINO A-CDM and RRUM) in CD-CAT.

The results show that across all conditions the Mixed CDMs provided the ideal classification accuracy and utilization

rate of the item bank.
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Abstract: A class of algebraic graph f-graph is characterized in this paper. It is proved that all f~graphs are vertex
decomposable and the vertex decomposability of the complement of f—graph is also characterized.
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