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The Quality Evaluation Index for Score Reporting in
Multidimensional Criterion-Referenced Tests

SONG Lihong' WANG Wenyi’
(1. Elementary Education College Jiangxi Normal University Nanchang Jiangxi 330022 China;
2. College of Computer Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: For criterion—referenced tests classification consistency and accuracy are important indicators for evalua—
ting the reliability and validity of classification results in scores reporting. Numerous procedures have been proposed
to estimate these indices in the framework of unidimensional item response theory( UIRT) . Multidimensional item
response theory( MIRT) has been devoted to models that include more than one latent trait to account for the multi—
dimensional nature of complex constructs. MIRT has been successfully employed to analyze many criterion—refer—
enced tests. Because MIRT has enjoyed tremendous growth the purpose of this study will give a brief review of deci—
sion rules and three types of classification consistency and accuracy. The first one is the classification accuracy and
consistency based on total sum scores the second is the likelihood-based consistency and accuracy and the last is
the information-based consistency and accuracy. Finally two practical implications of this research have been identi—
fied. First it is easily to estimate classification consistency and accuracy indices for subscores or composite scores in
each knowledge content or skill area when the true cut scores were on the total score or latent ability scale. Second
they might be useful for developing test construction method in a multistage testing which is a form of computerized
adaptive classification testing for making classification decisions.

Key words: multidimensional item response theory; score reporting; decision rule; classification accuracy; classifica—

tion consistency



