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The Study on Low-Resource Uygur-Chinese Neural Machine Translation
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(1. School of Computer Science and Technology Soochow University Suzhou Jiangsu 215000 China;
2. College of Information Science and Engineering Xinjiang University Urumgqi Xinjiang 830046 China)

Abstract: The submission systems of Soochow University for the 15th CCMT on the task of Low Resource Language
Pair Translation are mainly introduced in the paper. The report principally describes the benchmark structure of the
neural machine translation model used in the task fundamental strategies and methods adopted as well as experi—
mental performance on evaluation data.
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