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U00:%x[ -2,0]

U01:%x[ -1,0]

U02:%x[0,0]

U03:%x[1,0]

U04:%x[2,0]

U05:%x[ -2,0]/%x[ -1,0]/%x[0,0]
U06:%x[ -1,0]/%x[0,0]/%=x[1,0]
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U08:%x[ -1,0]/%=x[0,0]
U09:%x[0,0]/%=x[1,0]
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Abstract ; The phenomenon of insufficient semantic capture due to the scarcity of low-resource corpus has become a
major factor affecting the quality of machine translation. Therefore , based on the pretreatment, the paper improves
the transformer model by using CNN and gating mechanism and guides the optimization of model parameters using
confrontation training. At the same time ,named entity recognition is added to improve the translation performance of
model entities. Reorganize and merge the output from multiple machine translations into a single improved transla-
tion result through multi-model fusion. The Mongolian-Chinese translation experiments show that the proposed meth-
od is superior to the benchmark method.
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