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The Bayesian Estimation of Risk Parameters in Zero-Inflated Poisson Model

ZHANG Liangchao ZHOU Jinliang WEN Limin®

( College of Mathematics and Information Science Jiangxi Normal University Nanchang Jiangxi

330022 China)

Abstract: The Bayesian model is established and the parameter estimation of the zero-inflated Poisson distribution is
discussed in the paper. Bayesian estimates of risk parameters are obtained under the squared loss function the Linex
loss function and the Stein loss function. Furthermore the credibility theory is introduced and the credibility esti-
mates of the risk parameters are obtained under the mean square loss. In addition the consistency of the estimates
are proved. Finally the convergence of the estimates is compared by numerical simulation.
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