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The Reliable Warning Method for Sudden Water Pollution Based on
Multi-Source Data Fusion

FU Tao' TAN Dekun® FU Xuefeng® TU Zhenyu’ WANG Hui’

(1. Jiangxi Provincial Flood Control and Information Center Nanchang Jiangxi 330009 China; 2. Jiangxi Province Key Laboratory of
Water Information Cooperative Sensing and Intelligent Processing Nanchang Institute of Technology Nanchang Jiangxi 330099 China)

Abstract: In the field of automatic monitoring of sudden water pollution accidents the abnormal data caused by sen—
sor nodes is an important reason to affect the warning reliability for automatic monitoring system. Considering the
complementarity and correlation between multi-sensor information a new reliable warning method for accidental wa-
ter pollution based on multi-source data fusion is presented in this paper. The comprehensive weight is used to modi—
fy the original evidences based on the improved Dempster-Shafer( D-S) evidence theory then the multi-source evi—
dences are fused by utilizing the combination rule of D-S theory and finally the early warning decision for sudden
water pollution accidents can be made according to the fusion result. Compared with the traditional methods the
case analysis and experimental results show that the proposed method can make the warning decisions with higher
credibility and better focus.

Key words: sudden water pollution; abnormal data; D-S theory; multisource data fusion; forecasting and warning



