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The Multiple Nonlinear Prediction Model of Cleaning Loss Rate of

Rice-Wheat Combine Harvester in Field Operation Environment
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Abstracts: In order to study the relationship between the cleaning operation parameters of the combine harvester and

the cleaning loss rate the influencing factors of the cleaning loss of the combine harvester are analyzed. Based on

the field test samples of the rice-wheat combine harvester the optimal fitting mathematical model of operation pa—

rameters and cleaning loss rate is established firstly. Then based on the multiple nonlinear regression analysis meth—

od a multiple nonlinear prediction model for the cleaning loss rate of the rice-wheat combine harvester is construc—

ted and two different samples are produced through experiments. Finally the prediction model is used to predict the

selection loss. There is a certain error between the prediction result and the actual result. At the same time the

change trend of the predicted value is almost consistent with the actual result which shows that the established pre-

diction model has a strong accuracy in predicting the change trend of cleaning loss rate.

Key words: cleaning loss rate; rice-wheat combine harvester; multiple nonlinear; prediction



