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The Modified Chinese Word Embeddings Model

YANG Yuging WU Shuixiu™ ZUO Jiali
( College of Computer and Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: Considering that current Chinese word embedding model can not well model the semantic information of

Chinese character’s glyph structure an improved Chinese word embedding model is proposed. The model constructs

joint learning based on the granularities of words characters and components ( WUBI) can effectively learn the se—

mantic information contained in the Chinese character glyph structure by constructing word embedding with compo—

nents characters and words and improves the quality of Chinese word embeddings.
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