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The Bayesian Prediction and Credibility Approximate of Claim Number

ZHANG Yi' ZHOU Jinliang®

(1. School of Finance Jiangxi Normal University Nanchang Jiangxi 330022 China;
2. School of Mathematics and Statistics Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: The Bayesian model is established for the number of claims of the insurance policy. According to whether
the sample distribution and the prior distribution are known the Bayesian prediction and credibility approximate
claim number are discussed in three kinds of situations and the estimation method of structural parameters is given.
Finally the convergences and the mean square errors of the three predictions are compared by numerical simulation.
Key words: Poisson distribution; Gamma distribution; Bayesian prediction; credibility approximation; structural pa—

rameters



