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The Study on Students” Cognitive State Based on
Fuzzy Cognitive Diagnosis Framework

ZHANG Yuliu' ZHAO Bo'" TAO Jinhong®

(1. School of Information Science and Technology Yunnan Normal University Kunming Yunnan 650500 China;

2. School of Information Science and Technology Northeast Normal University Changchun Jilin 130024 China)

Abstract: In the era of information technology in education precise analysis of individual characteristics has become

the key to personalized learning and teaching according to individual needs. Based on the cognitive characteristics of

different ethnic learning groups Advanced Mathematics score of 1 286 Han students and 715 minority students from

a university in Yunnan Province are used as an example in 2019. By fuzzy cognitive diagnosis framework combined

with a four-parameter Logistic model the cognitive status between minority and Han students is studied. The results

of the study show that the cognitive state of individuals can be accurately and effectively analyzed using the fuzzy

cognitive diagnosis method. In the course of Advanced Mathematics the degree of cognitive difference between Han

students and minority students is diverse in different knowledge points. Therefore considering the cognitive state of

students in the learning process is conducive to respecting different students” cognitive differences which in turn

lays the foundation for personalized learning and precise teaching.

Key words: item response theory; fuzzy cognitive diagnosis; four-parameter Logistic model; personalized learning
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