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DTFBNet . the New Lightweight Face Recognition Method for Smart Terminals

YE Jihua,GUO Feng,LI Xin,JIANG Lu,JIANG Aiwen
(School of Computer and Information Engineering, Jiangxi Normal University , Nanchang Jiangxi 330022, China)

Abstract ; There are many solutions to the problem of insufficient intelligent terminal resources, which are dependent

on sample data and the number of parameters. The depthwise convolution and traditional convolution fusion block
(DTFBlock) is proposed. Hence , an improved method DTFBNet based on MobileFaceNet is proposed. The DTFBNet

proposed in the paper has a smaller number of parameters and better network results. Experiments on face recogni-

tion datasets CASIA-Webface and LFW show that the highest accuracy rate of the algorithm proposed in this paper

reaches 99.40% ,which is already a competitive classification accuracy for the same parameter amount.

Key words : DTFBNet ; DTFBlock ; fusion loss ; lightweight ; face recognition
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