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The New Method Based on Logistic Regression of

Constructing Basic Belief Assignment Function

LIU Qiuyun' WANG Lulu> HUANG Tao'
( 1.School of Mathematics and Statistics Jiangxi Normal University Nanchang Jiangxi 330022 China;

2.School of Accounting and Finance Jiangxi Institute of Economic Administrators Nanchang Jiangxi 330088 China)

Abstract: Combined with Logistic regression classification the new method of constructing the basic belief assign—

ment function of evidence theory is presented and it is applied in the multifeature image classification.Firstly the

weight coefficient of the evidence is established based on the posterior probability output by multi-¢lass Logistic re—

gression classification method and the samples” classification accuracy.Secondly the weighted basic belief assign—

ment function is constructed. Finally the weighted D-S evidence fusion is used to distinguish the category. Experi-

mental results show that the new method can not only improve the accuracy of image classification but also over—

come the instability of classification accuracy caused by single feature classification.
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