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The Matching Score Purification for Differential Item Functioning Method
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2. School of Education Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: The CSIBTEST method estimates the true scores based on the test reliability of the reference group and

the focus group then separates the matching scores into two kinds of sub-samples according to the crossing location

and computes the Chi-squared statistics respectively and then adds the two independent statistics to obtain the test

statistics with a degree of freedom of 2. From the view of the group dependence of test reliability that is the test re—

liability of different groups may be different and the CSIBTEST method separates the reference group and the focus

group into two sub-samples respectively it is necessary to estimate the test reliability on the subsamples for the ex—
tension of the CSIBTEST. The new method first uses the CSIBTEST to obtain the cross location and then applies the

reliability estimation on the sub-samples for the true score estimation as matching score purification to obtain the test

statistic. The simulation study shows that the new method with matching score purification has higher statistical test

power for the bias item than the SIBTEST and CSIBTEST.

Key words: test bias; differential item functioning; CSIBTEST; reliability; the fairness of testing
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