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The Joint Modeling of Response and Response Time in
Multidimensional Personality Tests

YAN Juan' GUO Xiaojun' LUO Zhaosheng”™
(1. School of Education Science Gannan Normal University Ganzhou Jiangxi 341000 China;

2. School of Psychology Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: For the current personality test response and response time data analysis model it is only applicable to

analyze the situation of each sub-dimension separately. Therefore a joint model of unidimensional response time and

multidimensional response ( JRT-M2PLM) and a joint model of multidimensional response and response time ( JM—

RT-M2PLM) are proposed to more accurately assess the personality traits. In the simulation study it is found that
the parameters of the multidimensional joint model JRT-M2PLM and JMRT-M2PLM can be estimated accurately and
better than the unidimensional joint model JRT2PLM. In the actual data the fitting indices of the joint models JRT-
M2PLM and JMRT-M2PLM are significantly better than the unidimensional joint model JRT2PLM. Consequently it

is very necessary to consider the multidimensionality in the analysis of the responses and response times of the mul-

tidimensional personality test.

Key words: multidimensional personality test; response time; multidimensional model; joint modeling
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