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The Portfolio Model Based on Mixed Exponential Loss Aversion Function

WEN Limin' > FENG Huizhen' LI Junxue' ZHOU jingcui'
(1. Department of Statistics Jiangxi Normal University Nanchang Jiangxi 330022 China;

2. Research Center of Management Science and Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: Combined with the core idea of prospect theory-doss aversion the allocation of different risk assets from
the perspective of expected utility maximization is studied in this paper. On the basis of the linear loss aversion func—
tion and combined with the nature of the exponential utility function the new utility function that is mixing loss
aversion with exponential function is put forward the mixed exponential loss aversion ( MELA) portfolio model has
been established. The empirical study on Chinese stock market data shows that the MELA model is superior to the
Mran-Variance model.
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