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inflated negative binomial regression model with correction

The Objective Bayesian Analysis of
Zero — and - One Inflated Negative Binomial Model

MA Qiaoling XIAO Xiang"
( School of Mathematics Physics and Statistics Shanghai University of Engineering Science Shanghai 201620 China)

Abstract: The Bayesian model is established and the objective Bayesian analysis of zero-and-ene inflated negative
binomial distribution is discussed in the paper. Using the data augmentation strategy and the full likelihood func—
tion different reference priors of zero-and-ene inflated negative binomial model are calculated and it is further shown
that the corresponding posterior distributions are proper. For different sample sizes and parameter true values of the
parameters three different reference priors are evaluated through simulations. Finally a doctoral dissertation data set
is analyzed to illustrate the practicability of the proposed model and method.

Key words: zero-and-one inflated negative binomial model; data augmentation strategy; objective Bayesian analysis



