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The Statistical Inference for Lomax Distribution Based on Upper Record Values

LONG Qinyi, XU Liping”
(School of Information and Mathematics, Yangtze University,Jingzhou Hubei 434023, China)

Abstract : Based on the upper recorded values , the maximum likelihood estimates of the unknown parameters , system
reliability and failure rate for Lomax distribution population are discussed. The approximate confidence intervals of
the model parameters are obtained by using the central limit theorem. When the prior distributions of the two
parameters are taken as a mixed distribution ,the Bayesian estimates of the unknown parameters and reliability inde-
xes are calculated under two loss functions,and the estimation approach of the hyperparameters is given. Frequentist
method and Bayesian method are used to predict the future upper recorded values, respectively. Finally, the algo-
rithm for simulating the upper record values is proposed, and the relevant results are calculated by using the simula-
ted record values.

Key words : Lomax distribution ; upper record values ; prior distribution ; Bayesian estimation



