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The Study on the Neural Machine Translation of Ancient Chinese-Modern Chinese

HE Silan ZUO Jiali

ZHU Hongkun WANG Mingwen

( School of Computer and Information Engineering Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: There are a large number of Chinese ancient documents which are the treasures of Chinese civilization.

However it is extremely difficult for modern people to understand these documents

and it is also impossible to

translate them manually. Therefore the Neural Machine Translation of ancient Chinese-modern Chinese is studied.

By applying the Seq2Seq model and Transformer model the impact of the size of training corpus on the translation

performance of Ancient Chinese-Modern Chinese is investigated.It is also found that based on the existing training

corpus of this scale word segmentation will greatly affect the performance of Seq2Seq model. In addition

if the

style of training corpus and test corpus is different the performance of the model will also be affected.

Key words: ancient Chinese-modern Chinese neural machine translation; Seq2Seq model; transformer



